Data Prediction Model and
Machine Learning
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Decision = Comparison + Choice



Semi-basement studio (£t X| S} SHZHEE
VS.
Apartment in Gangnam-district (& & Ot E)



Doing things you don't like but good at
(ZO0rohA| K| 2F ZSt= & 5H7))
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Doing things you like but not good at
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Product Weight Speed Capacity Price
A 200g 2.7GHz 64G 1,200%

B 190g 2.5GHz 32G 800%



Product

Weight

2009

190g

Speed Capacity Price
2.7GHz 64G 1,200%
2.5GHz 32G 800%

(1000 or more
products)

10 or more
features
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Teachable Machine

Train a computer to recognize your
own images, sounds, & poses.
A fast, easy way to create machine learning models for

your sites, apps, and more — no expertise or coding
required.

Get Started
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tm-my-image-model.zip

metadata.json model.json weights.bin
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Mask On
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Mask On
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Training ‘Viodel” with data
(VMiodel learns from data)
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Congrat!!
You now know what model is
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row




Date Day Temp. Sales Date 2020.9.1. | 2020.9.2. | 2020.9.3.
2020.9.1. Mon 25 50 Day Mon Tue Wed
2020.9.2. Tue 24 49 Temp. 25 24 23

2020.9.3. Wed 23 46 Sales 50 49 46



Not a table

Date Day Temp. Sales
2020.9.1. Mon 25 50
2020.9.2. Tue 24 49
2020.9.3. Wed 23 46

Date? S 2020.9.1. | 2020.9.2. | 2020.9.3.
> ~
Day Moh~ o Tue Wed
> ~
Temp. 25 24 23
~
'S ~

Sales 50 49 N6




[ |

EAM (feature)

4 (attribute)

E W
column ~  #z(variable)
field
F------- )
' |
Date Day : Temp. |1 Sales
1 |
1 |
2020.91.  Mon | 25 | 50
""""""" 1 N B I
1 1 |
2020.92. Tue ! 24 I 49 !
_______________ T
20209.3.  Wed ! 23 | 46

row

7HAM| (instance)
#Z£x|(observed value)
7| (record)

A3l (example)

B (case)
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Causality

|

Independent Dependent variable:
variable: Cause Result
Date Day Temp. Sales
2020.9.1. Mon 25 50
2020.9.2. Tue 24 49

2020.9.3. Wed 23 46



Correlation

l |

Independent Dependent variable:
variable: Cause Result
Date Day Temp. Sales
2020.9.1. Mon 25 50
2020.9.2. Tue 24 49

2020.9.3. Wed 23 46



Correlation

l |

Independent Dependent variable:
variable: Cause Result
Date Day Temp. Sales
2020.9.1. Mon 25 50 Sales —

Temperature ???
2020.9.2. Tue 24 49
(Seems impossible

2020.9.3. Wed 23 46 unless you are God)



Correlation



Cheese consumed
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Per capita cheese consumption

correlates with

Number of people who died by becoming tangled in their bedsheets

Correlation: 94.71% (r=0.947091)
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https://www.tylervigen.com/spurious-correlations



Divorce rate in Maine

4,95 per 1,000

462 per 1,000

4.29 per 1,000

3.96 per 1,000

Divorce rate in Maine
correlates with

Per capita consumption of margarine

Correlation: 99.26% (r=0.992558)
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The independent variable is the cause.
The dependent variable is the result.

The relationship between the independent variable and
the dependent variable is called a causal relationship.

The causal relationship is included in the correlation.
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